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Abstract

Introduction: Health information technology (HIT) can facilitate informed decisions
regarding health conditions. This study aimed to examine the predisposing factors, enabling
factors, and need factors associated with the use of HIT for personal health management.
Individuals with chronic conditions might further need to use HIT tools to improve their
health outcomes.

Methods: This study used secondary data with a sample size of 3,865 from the 4th cycle of
2020 Health Information National Trends Survey (HINTS) 5. Using multivariable logistic
regression, we used four regression models to examine the association between the dependent
and independent variables, such as multiple chronic conditions and sociodemographic
characteristics. The dependent variables representing the use of HIT were “looked for health
or medical information for yourself”, “used e-mail or the Internet to communicate with a
doctor or doctor’s office”, “looked up medical test results”, and “made appointments with a
healthcare provider”

Results: Adults with 3 or more chronic conditions had higher odds of looking for health or
medical information for themselves (Adjusted Odds Ratio AOR=1.9; Confidence Interval
CI:1.09-3.32), using e-mail or the Internet to communicate with a doctor or doctor’s office
(AOR=1.84; CI, 1.20-2.81), and looking up medical test results (AOR=2.04; CI, 1.19-3.50)
when compared to those with no chronic conditions. Compared to individuals who had less
than a high school degree, those with a college degree were more likely to look for health or
medical information for themselves (Adjusted Odds Ratio AOR=7.21; Confidence Interval
CI, 2.34-22.23), use e-mail or the Internet to communicate with a doctor or doctor’s office
(AOR=3.01; CI, 1.47-6.17), look up medical test results (AOR=4.34; CI, 2.46-7.65), and
make appointments with a healthcare provider (AOR=2.84; CI, 1.40-5.76). Enabling factors
strongly associated with HIT use were having a regular provider and having access to the
Internet.

Conclusion: This study provides evidence about the factors that influence the use of health
information technology for personal health management.
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Introduction
ith access to the Internet and technology
gadgets at its historically high level, adults
in the United States and around the globe
have experienced increased use of Health Information
Technology (HIT) (1-3). The use of HIT comprises
the utilization of computer hardware and software to
store, retrieve, synthesize, share, and use healthcare

information for care coordination, communication,
and decision-making (1-3)policies and regulations
required hospitals to implement advanced capabilities
of certified electronic health records (EHRs. Some
benefits associated with HIT use include the practice
of precision medicine, access to medical knowledge,
patient management by the providers, and chronic
disease management by persons with chronic disease
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as 93% of adults in the United States use some aspects
of HIT for their chronic disease management (2, 4-6).
Also, the HIT has helped consumers with a better
understanding of diseases (e.g. through online health
communities for patients) and improved access to
available resources such as communities of practice
and medical reference materials (7).

Understanding the use of Health Information
Technology can provide a better perspective on its
role as a determinant of health due to its influence
on healthcare utilization and the self-management
of chronic conditions (8). Chronic conditions are
of great global health importance due to the high
prevalence of chronic conditions. An estimated one in
three adults suffer from multiple chronic conditions,
and three in five deaths are attributable to four non-
communicable chronic conditions -- cancer, chronic
lung diseases, cardiovascular disease, and diabetes
(9-12). Chronic conditions require the involvement
of the patient in management, and HIT use has been
associated with improved health outcomes among
these populations of interest (13, 14).

Andersen’s Behavioral Model (15) serves as a
framework to understand the factors associated with
HIT use for personal health management. The model
suggests that an individual’s use of healthcare is
influenced by 3 major factors: predisposing factors,
enabling factors, and need factors. Predisposing
factors include demographic factors, social structures,
and beliefs that increase the probability of using
services. Enabling factors include income, access
to regular care, and rurality can facilitate or act as
barriers to healthcare use. An individual’s perceived
needs or clinically evaluated needs can directly cause
healthcare use (15, 16). While several studies have been
conducted onhow HIT can be used to prevent, monitor
progression, and manage health among people with
chronic conditions, other researchers have examined
the role of electronic health records or mobile apps
for personal health management (2, 7, 13, 14, 17).
It is important to understand the factors that act
as barriers or facilitators to HIT use for personal
health management. The objective of this study is to
examine the predisposing, enabling, and need factors
associated with the use of HIT for personal health
management.

Methods
Data Source

We conducted this study using secondary
data from the 4" cycle of the Health Information
National Trends Survey (HINTS) 5. The survey
is a self-administered, nationally representative

study of civilian, non-institutionalized adults aged
18 and older, conducted by the National Cancer
Institute in the United States (18). The HINTS survey
administration commenced in 2003 and assesses
the American population’s knowledge of, attitude
toward, and use of health information technology.
A two-stage sampling design was used and a final
sample size of 15,347 was calculated. This fourth
cycle of the survey was conducted from February to
June 2020 with a 37% response rate, and a total of
3,865 participants completed the surveys (18).

Variables
Dependent Variable

The dependent variables of interest measuring
health information technology (HIT) use for personal
health management are: (1) having looked for health
or medical information for yourself, (2) having used
e-mail or the Internet to communicate with a doctor
or doctor’s office, (3) having looked up medical test
results, and (4) having made appointments with
a healthcare provider. All these four dependent
variables were binary coded (Yes/No) according to
answers to the question of whether they had used a
computer, smartphone, or other electronic means to
do any of these four activities in the past 12 months.

Independent Variables

The independent variables were categorized using
Andersen’s Behavioral Model. The variables that
operationalized the predisposing factors according
to Andersen’s Behavioral Model in this study were
gender, age (ranging from 18 years to 75 years and
older), race (Non-Hispanic White, Non-Hispanic
Black or African American, Hispanic, Non-Hispanic
Asian, Non-Hispanic Other), and educational
level (ranging from less than high school to college
graduate or more).

To operationalize the enabling factors of
Andersen’s Behavioral Model, we included household
income (ranging from <$20,000 to $75,000 or more),
aregular provider, access to the Internet, and rurality
(this was re-coded using the 2013 USDA rural-urban
continuum codes in the dataset and grouped as
1-3=urban and 4-8=rural) in the regression model.

The individual’s need for healthcare utilization
was operationalized using the number of chronic
conditions provided by the survey respondents.
The number of chronic conditions was obtained
by summing the “Yes” responses to the following
questions - “Has a doctor or other health professionals
ever told you that you had any of the following medical
conditions: (1) Diabetes or high blood sugar; (2) high
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Table 1: Descriptive Statistics of Survey Respondents

Variables Frequency (not weighted) % (weighted)

Dependent Variables
Use HIT to look for Online Health Information for themselves

No 1,151 27%
Yes 2,677 73%
Use HIT to communicate with doctor

No 1,996 53%
Yes 1,800 47%
Use HIT to look up test results

No 2,156 57%
Yes 1,629 43%
Use HIT to make appointments

No 1,906 51%
Yes 1,891 49%

Independent Variables
Predisposing Factors

Gender

Man 1,487 49%
Woman 2,052 51%
Race

Non-Hispanic White 2,133 63%
Non-Hispanic Black or African American 481 11%
Hispanic 596 17%
Non-Hispanic Asian 161 5%
Non-Hispanic Other 119 3%
Age Group

18-34 years 484 26%
35-49 years 703 26%
50-64 years 1,142 28%
65-74 years 869 12%
75+ years 540 9%
Educational Level

Less than High School 273 8%
High School Graduate 705 23%
Some College 1,081 39%
College Graduate or More 1,663 30%

Enabling Factors
Annual Household Income

< $20,000 624 15%
$20,000-<$35,000 451 11%
$35,000-<$50,000 460 13%
$50,000-<$75,000 592 18%
$75,000 or more 1,321 42%
Rural Residence

No 3,435 88%
Yes 430 12%
Regular Provider

No 2,628 38%
Yes 1,162 62%
Internet Access

No 712 14%
Yes 3,148 86%

Need Factor
Number of Chronic Conditions

0 1,340 41%
1 1,285 31%
2 780 18%
3 or more 460 9%
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blood pressure or hypertension; (3) a heart condition
such as heart attack, angina, congestive heart failure;
(4) chronic lung disease, asthma, emphysema,
or chronic bronchitis; (5) depression or anxiety
disorder?” A maximum number of 5 is attainable and
this was recoded into 0, 1, 2, and 3 or more chronic
conditions based on the response distribution.

Analysis

We conducted descriptive statistics to describe
the respondents’ characteristics using frequency and
weighted percentage. Multivariable logistic regression
was performed to assess the use of health information
technology for personal health management. Four
models were computed for each of the dependent
variables. Analyses were conducted using STATA
version 16 svy commands, and all analyses were
based on the survey design of HINTS (19).

Ethical Considerations
The study was deemed exempt by the Georgia
Southern University Institutional Review Board.

Results
Descriptive Results

Table 1 shows that more than 70% of all
respondents had used HIT to look for online health
information for themselves, 47% to communicate
with their doctor, 43% to look up test results, and only
49% had used HIT to make appointments. Although
41% of the survey respondents did not have a chronic
condition, 31% had 1 chronic condition, 18% had 2
chronic conditions, and 9% had 3 or more conditions.

Roughly half of the study population (51%)
were women. Most of the respondents were Non-
Hispanic White (63%) and were between 50-64 years
(28%). Almost half (42%) of the respondents had a
household income of $75,000 or more, and only 12%
resided in rural areas. Sixty-two percent (62%) of the
respondents had a regular healthcare provider, and
only 14% did not have access to the Internet.

Multivariable Logistic Regression- HIT Use to Look for
Health or Medical Information

As shown in Table 2, in Model I, compared to
respondents with no chronic conditions, respondents
with 3 or more chronic conditions had almost two
times higher odds (Adjusted Odds Ratio AOR=1.9;
CIL:1.09-3.32) of using HIT to look for health or
medical information for themselves (Table 2).
Women were more likely (AOR=1.43; CI, 1.04-1.94) to
look for health or medical information for themselves
when compared to men. Older adults aged 75 years

and older (vs 18-34 years) had lower odds of looking
for health or medical information for themselves
(AOR=0.41; CI,0.21-0.79). Respondents with higher
levels of education such as those having some college
(AOR=3.61; CI,1.27-10.25) and a college graduate &
more (AOR=7.21; CI,2.34-22.23) were more likely to
use HIT to look for health or medical information
for themselves than those with less than high school
education. Having access to the Internet (vs. no
access to the Internet) increased the odds of looking
for health or medical information for themselves
(AOR=6.67; C1,4.25-10.48).

Multivariable Logistic Regression- HIT Use to
Communicate with their Doctor

In Model II, respondents who had at least one
chronic condition (vs. no chronic condition) were
more likely to use HIT to communicate with their
doctor: 1 chronic condition (AOR=1.75; CI,1.24-
2.47), 2 chronic conditions (AOR=1.91; CI,1.15-3.16),
and 3 or more chronic conditions (AOR=1.84; CI,
1.20-2.81). Other predictors of interest with lower
odds of using HIT to communicate with their doctor
were being 75 years and older vs. 18-34 years old
(AOR=0.49; CI,0.27-0.90) and residing in a rural area
vs. urban area (AOR=0.62; CI,0.41-0.95). Having a
regular healthcare provider vs. no regular healthcare
provider (AOR=2.53; CI,1.83-3.51) and Internet access
vs. no Internet access (AOR=6.94; CI, 3.99-12.08) had
higher odds of using HIT to communicate with a
doctor. Being a college graduate or more increased
the chances of using HIT to communicate with their
doctor when compared with those with less than a
high school degree (AOR=3.01; CI,1.47-6.17).

Multivariable Logistic Regression- HIT Use to Look Up
Test Results

In model III, the odds of using HIT to look up
the test results were higher if the respondent had
1 chronic condition (AOR=1.41; CIL1.06-1.88), 2
chronic conditions (AOR=2.39; CI,1.49-3.83), and 3
or more chronic conditions (AOR=2.04; CI, 1.19-3.50)
when compared to those with no chronic conditions.
Women were also more likely to use HIT to look up
the test results when compared to men (AOR=1.43;
CI, 1.04-1.95). Compared to people with less than high
school education, those with some college education
(AOR=2.24; CI, 1.33-3.78) and a college degree or
higher (AOR=4.34; CI,2.46-7.65) had higher odds
of using HIT to look up the test results. Households
with incomes earning $75,000 or more (vs. less than
$20,000) were more likely to use HIT to look up the
test results (AOR=1.69; CI, 1.04-2.74). Respondents
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Table 2: Logistic Regression of Health Information Technology Uses and its Correlates

Model | Model Il Model Il Model IV
Used HIT to look for Used HIT to Used HIT to look up Used HIT to make
Online Health Information communicate with test results in past 12  appointments in past
for themselves in past 12  doctor or doctor’s office months 12 months
months in past 12 months
AOR 95% CI AOR 95% CI AOR 95% CI AOR 95% CI
Need Factor
Number of Chronic
Conditions
0 — — - -
1 1.25 [0.76,2.05]  1.75%*  [1.24,2.47]  1.41* [1.06,1.88] 1.34 [0.93,1.95]
2 1.5 [0.96,2.36] 1.91* [1.15,3.16] 2.39%* [1.49,3.83] 1.31 [0.87,1.99]
3 or more 1.9% [1.09,3.32]  1.84%* [1.20,2.81]  2.04* [1.19,3.50] 1.58 [0.96,2.59]
Predisposing Factors
Gender
Man - - - -
Woman 1.43* [1.04,1.94] 1.17 [0.86,1.60] 1.43%* [1.04,1.95] 1.31 [0.96,1.78]
Race/ethnicity
Non-Hispanic White -- - -- --
Non-Hispanic Black or 1.05 [0.60,1.85] 1.09 [0.69,1.74] 0.95 [0.63,1.43] 1.16 [0.78,1.73]
African American
Hispanic 1.33 [0.81,2.20] 1.21 [0.79,1.88] 1.09 [0.70,1.70] 1.71* [1.12,2.60]
Non-Hispanic Asian 1.32 [0.68,2.56]  0.74 [0.41,1.35]  1.37 [0.72,2.62] 1.48 [0.74,2.94]
Non-Hispanic Other 1.38 [0.50,3.78]  1.88 [0.77,455] 1.9 [0.78,4.59] 2.56* [1.11,5.90]
Age Group
18-34 years -- -- - --
35-49 years 1.27 [0.73,2.22]  1.14 [0.74,1.76]  1.23 [0.79,1.90] 0.95 [0.59,1.52]
50-64 years 0.96 [0.54,1.70]  0.82 [0.56,1.21]  1.04 [0.63,1.71] 0.67 [0.46,0.99]
65-74 years 0.65 [0.38,1.09] 0.8 [0.52,1.22] 1.02 [0.61,1.71] 0.56* [0.36,0.88]
75+ years 0.41* [0.21,0.79] 0.49* [0.27,0.90] 0.68 [0.33,1.35] 0.45* [0.26,0.79]
Educational Level
Less than High School -- - -- --
High School Graduate 2.04 [0.74,5.58] 1.15 [0.50,2.60] 1.54 [0.84,2.83] 1.15 [0.50,2.61]
Some College 3.61* [1.27,10.25] 1.31 [0.60,2.84] 2.24%* [1.33,3.78] 1.56 [0.68,3.59]
College Graduate or More ~ 7.21%** [2.34,22.23] 3.01**  [1.47,6.17]  4.34*** [2.46,7.65] 2.84* [1.40,5.76]
Enabling Factors
Annual Household Income
<$20,000 - - -- --
$20,000-<$35,000 0.62 [0.34,1.13]  1.09 [0.67,1.77] 0.76 [0.43,1.34] 1.17 [0.68,2.02]
$35,000-<$50,000 0.74 [0.41,1.36] 1.01 [0.59,1.71]  0.94 [0.59,1.51] 1.08 [0.63,1.87]
$50,000-<$75,000 1.03 [0.58,1.84] 1.39 [0.78,2.48] 1.04 [0.65,1.66] 1.44 [0.80,2.60]
$75,000 or more 1.34 [0.70,2.56] 1.35 [0.80,2.28] 1.69* [1.04,2.74] 1.33 [0.74,2.39]
Rural Residence
No --
Yes 0.79 [0.45,1.38] *0.62 [0.41,0.95] 0.94 [0.62,1.41] 0.71 [0.45,1.12]
Regular Healthcare Provider
No --
Yes 0.76 [0.50,1.16]  2.53*** [1.83,3.51]  2.85%** [1.954.17] 2.02*** [1.44,2.85]
Internet Access
No =
Yes 6.67%** [4.25,10.48] 6.94*** [3.99,12.08] 4.16*** [2.52,6.84] 1.66* [1.08,2.55]
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who had a regular healthcare provider vs. no regular
healthcare provider (AOR=2.85; CI,1.95-4.17) and
had Internet access vs. no Internet access (AOR=4.16;
CI, 2.52-6.84) had higher odds of looking up the test
results using HIT.

Multivariable Logistic Regression- HIT Use to Make
Appointments

Thestudyresultsinmodel IV showed noassociation
between the use of HIT to make appointments and
having a chronic condition. However, compared
to Non-Hispanic White, respondents who were
identified as Hispanic (AOR=1.71; CI,1.12-2.60) and
Non-Hispanic Others (AOR=2.56; CI, 1.11-5.90)
were more likely to make appointments using HIT.
Having a college degree or more vs. less than high
school also increased the likelihood of using HIT to
make appointments (AOR=2.84; CI,1.40-5.76). Other
factors associated with making appointments using
HIT were aged 65-74 years (AOR=0.56; CI, 0.36-0.88)
and 75 years and older (AOR=0.45; CI, 0.26-0.79)
vs. 18-34 years, having a regular healthcare provider
(AOR=2.02; CI,1.44-2.85) vs. no healthcare provider
and having access to the Internet (AOR=1.66; CI,
1.08-2.55) vs. no access to the Internet.

Discussion

In this study, we examined the factors associated
with HIT utilization for personal health management
among American adults. Our results showed that
43% to 49% of the US population used HIT to
communicate with doctors or doctors’ offices, look
up test results, and make appointments (refer to Table
1), indicating that the U.S. has achieved the Healthy
People 2020 objectives regarding electronic personal
health management.

Predisposing Factors

Our study showed that female gender was
associated with HIT use to look for online health
information for themselves and to look up the test
results. Individuals who were 75 years or older
were less likely to use HIT to look for online health
information for themselves, communicate with their
doctor or doctor’s office, and make appointments.
Gender and age was consistently argued to be
among predisposing factors for HIT utilization
(20). Women were more likely to use HIT to look
for personal health information and test results but
not communicate with healthcare providers or make
appointments (21). Research studies consistently
show that globally women are more likely than their
male counterparts to use health services partly due to

their higher engagement in healthcare-related online
activities and increased use of general social media.
Furthermore, due to their role as the health care
liaison for their family members, this could be an
opportunity for public health practitioners to engage
them as family gatekeepers in promotion of HIT tools
to improve health outcomes (22, 23).

Although younger generations have grown up
with technology, our results did not show that the
younger generation was more likely to use HIT.
Young people are relatively healthy, so they might
be less in need of using HIT. However, our study
finding is surprising that the age group above 75
years isn’t the only group found less likely to use HIT
for personal health management. Previous studies
have found that individuals aged 65 years and above
are also less likely to use HIT due to reasons such as
reduced health literacy, mistrust of the online source,
and skills needed to access HIT (24, 25). Older people
have more care needs due to the likelihood of having
more morbidities, but they lack the skills to use HIT
which could be an indication that there are barriers to
HIT adoption and use among older people that need
to be explored. The interaction of low HIT utilization
in old age and multiple morbidities can complicate
the elimination of technology barriers among this age
group. This is an important finding for policymakers
and health professionals because globally significantly
higher prevalence of chronic diseases is seen among
the older population, and if they are unable to use
HIT tools for personal health management, their
quality of care and satisfaction with the care process
might be reduced. Age-friendly HIT tools can also be
developed for the geriatric population to encourage
adoption and use for personal health management.

Our study showed that Hispanics and Non-
Hispanic others are more likely than Non-Hispanic
Whites to use HIT for making clinical appointments.
Our study also found that the association between
other races and HIT use is not statistically significant
compared to their referent group, non-Hispanic
Whites. Our finding differs from what has been
reported in the literature, as non-Hispanic Whites
have been the predominant group in HIT use (26). For
instance, racial/ethnic minorities have been reported
to have more chronic health problems and more
significant disabilities than non-Hispanic Whites (27).
This area warrants further research, better focusing
on investigating a notable delineation of the effect of
these factors. The engagement in HIT used to make
appointments among Hispanics may be explained by
language and cultural barriers that make them prefer
online scheduling rather than direct communication
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with schedulers. The current study also found that
education is also a predisposing factor for HIT use,
and higher levels of education were consistently
associated with the four types of HIT use that were
examined. This was consistent with previous studies
examining the association between education and
HIT use (16, 24, 28). Education is related to health
literacy, which may limit the ability of individuals
with lower education levels to understand basic
health information and make health decisions related
to HIT use. Developers of these HIT tools should take
into consideration individuals with language barriers
or low educational level and make it easier for them
to use.

Need Factors

Our study found that individuals with
comorbidities, especially those with two or more
chronic conditions, were more likely to use HIT to seek
online health information, communicate with their
doctor or doctor’s office, and look up lab test results.
The findings are generally congruent with those
of previous studies, showing that people who have
information needs due to multiple chronic conditions
are actively making use of HIT for personal health
management (17). For instance, Asan et al. (2018)
found individuals with diabetes, cardiovascular
disease, or hypertension were more likely to seek
information through HIT than those without any of
these chronic conditions (29). In contrast, Zhang et al.
(2022) found that American adults with one chronic
condition were significantly higher than those with
MCCs and those without chronic conditions (30).
While examining the prevalence of HIT use in
American adults with diabetes, Wang et al. (2022)
found that diabetic patients with obesity were more
likely to search for health information on the Web
and use eHealth services (31). There is need for further
research on the specific type of HIT support needed
based on the individual’s chronic conditions.

While Andersen’s model suggests that people with
more needs should have more utilization of HIT for
personal health management, our findings showed
no association between the use of HIT to make
appointments and the presence of a need factor (i.e.,
multiple chronic conditions). This might be a result of
the complexity associated with making appointments
with some healthcare providers. HIT used for making
appointments must be very user-friendly, so patients
can better utilize it.

Enabling Factors
While our finding is similar to previous studies

that found an association between household income
and HIT use (16, 25, 32, 33), we found that high
household income was positively associated with only
one dimension of HIT use- to look up the test results.
This could be because people with high household
incomes are likely to be fully employed and would
prefer to save the time needed to retrieve the results
in person. Income is also correlated with health
literacy, and high-income learners are likely to have
Internet access.

We found that people residing in rural areas were
lesslikely to communicate with their doctor or doctor’s
office using HIT which is consistent with other studies
(14). For instance, Chen et al. (2018) found that there
was a huge disparity between rural and urban health
outcomes; it appears that the disparities extended to
HIT adoption and use (34). Studies have suggested
several reasons for the rural disparity in HIT use,
including lower levels of education and income, and
minority race (34, 35). Increasing Internet access for
these underserved populations will likely improve
HIT uptake and use for better health outcomes (33).

Also, our findings support the evidence that
having a regular source of care providers improved
the chances of HIT use (16). We found a strong
association between having a regular source of
providers and 3 out of the 4 dimensions of HIT use for
personal health management. This could be because
of rising levels of trust in the security of HIT, which
encourages bidirectional communication between
the provider and patient. Having a regular source of
care could also lead to higher levels of health literacy
due to increased access to health care and health
resources (16).

Regarding enabling factors of the Andersen
framework, Internet access is a strong predictor of all
four types of HIT use. Internet access is very critical
to HIT use to improve health outcomes, and without
Internet access using HIT seems to be impossible.
Our finding is consistent with similar studies, like
that of Yang et al., 2021 (33) that found that increased
Internet access could improve the use of HIT.

Overall, using Andersen’s behavioral framework in
this study has identified issues of importance to health
professionals and policymakers regarding how health
information technology can improve population
health outcomes. There is a need for more attention to
reducing disparities in access to social determinants
of health, so that health information technology can
be better leveraged to achieve health equity.

Limitation
Our study had some limitations. First, a cross-
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sectional design did not allow the lag time desirable
for clearly establishing the direction of the association
between having comorbidities and HIT use.
However, it is plausible that people with more chronic
conditions needed health information more, so they
were more likely to use HIT. Secondly, our study
is based on secondary data, so our analysis was
confined to the variables available in the data such
as digital literacy. Moreover, the response rate of the
HINTS 5 cycle 4 was low (37%) as mail surveys tend
to have a lower response rate, which may have made
the survey responses less representative. However, the
sample size was relatively large for reliable analyses.
Future studies on the use of HIT should focus on how
people with health needs (e.g., people with chronic
conditions) can be more digitally engaged in care
delivery.

Conclusion

The most commonly used HIT was the use of HIT to
look for online health information, followed by the
use of HIT to make appointments, the use of HIT to
communicate with doctors, and the use of HIT to
look for test results. Overall, barriers to using HIT
included older age (aged>75), lower education, and
living in rural areas; facilitators included regular
health care providers and Internet access. Special
assistance is needed to assist those older patients
and those with lower education levels. Easy access to
the Internet and primary care providers may help to
promote the use of HIT among persons with multiple
chronic conditions.
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